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I, Differentila Evolution
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I, Proposed Method
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Fig. 1. The SIM flow chart

IV, Experiment
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Table 1. Average ranking based on the Friedman test

Algorithm D CoDE JDE JADE MPEDE KSDE
Ranking 30 3.35 373 2.38 4.38 1.15
50 3.58 362 2.58 4.00 1.23
100 3.65 312 3.65 3.54 1.04
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Fig. 2. Average ranking based on the
Friedman test

V. Conclusions
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