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I, Methodology

1. Artificial Neural Networks
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2. Convolutional Neural Network

CNN === ConvNetoJ2}arsh= Convolutional Neural Network
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I, Proposed Method
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Fig. 1. The unit of Artificial Neural Network,
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1. Learning Rate Optimized Method
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2. Model Structure
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IV, Experiment
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The Accuracy-Loss curve of the model
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Fig. 2. Accuracy and loss rate curve of the
CNN model
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The Accuracy-Loss curve of the model
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Fig. 3. Accuracy and loss rate curve of the
optimized model

V. Conclusions
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