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Fig. 1, Example of National Intangible Cultural Heritage

Documentary Film

439



SR FEIRESS| siAstEts| =FF H28R 25 (2020, 7)

2. =y 7|9t Super Resolution(SR) 7|&

ny Feature maps of n; Feature maps of
! ion image  high ion image

High-resolution
image AY)
(output)

The bicubic l
Interpolated image ¥
(nputy

Low-resolution
image

" /,.‘
— W e
" Bicubic /
Interpolation sy *

Patch extraction Non-linear mapping Reconstruction
and

representation

Fig. 2. The Structure of SRCNN Network
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Fig. 3. The Flow of Image preprocessing
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Fig. 4. The Framework of SRGAN for Super Resolution
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