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Il The Proposed Scheme

1. Extraction of DoF region from a single image
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(a) input image (b) D

Fig. 1. DoF weight map D calculated using the DoF region
(white : focusing, black : defocusing).
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Fig. 2. DoF weight maps calculated from various input images

(inset image : input image),

2. Convolutional Neural Networks with DoF Weight map
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Fig. 3. SRCNN based network architecture,
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{a) Iuput image (b) Training result

Fig. 5. Training result obtained through 15,000 iterations,
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Fig. 6. Advanced weight image of DoF region,
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Fig. 7. The proposed network architecture,
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Fig. 8. Training results according to the number of iteration with
our method,
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lIl. Conclusions
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Fig. 9. Test results with our framework (rainbow color : DoF
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weight map),
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