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I, Preliminaries

1. Related works

1) GAN(Generative Adversarial Network)
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Fig. 1. GAN Structure
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Fig. 2. DCGAN Structure
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lll, The Proposed Scheme
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python -m pip install numpy
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python -m pip install matplotlib
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Fig. 3. Pytorch installation setup
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Fig. 4. Configuration confirmation command

2. DCGAN 213}
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Training Images

Fig. 5. Dataset for Training
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nepochs : g5 kIS

save_epoch : save step
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Generator and Discriminator Loss During Training
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Fig. 6. Training Loss Graph
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Fig. 7. Generated Image Based on Dataset

IV. Conclusions
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