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Fig. 1. System Architecture
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lll, Experiments
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Fig. 2. Learning Process
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At iteration 0, stage 0, Eval Char error rate=0.76648772
, word error rate=1.7739105

Fig. 3. When learned first fonts
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Fig. 4. When learned fourth fonts
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Fig. 5. Text Classification using Keras
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IV. Conclusions
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