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Fig. 2, Human pose Estimation using openpose and tensorflow
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Table 1. skeleton location data

Nose=0 Neck=1 RShoulder=2
REIbow=3 RWrit=4 LShoulder=5
LEIbow=6 LWrist=7 RHip=8
RKnee=9 RAnke=10 LHip=11
LKnee=12 LAnke=13 REye=14
LEye=15 REar=16 LEar=17
Background=18
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Table 2. dection type for human pose

stand walk run jump sit

squat kick punck wave
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Fig. 3. Action recognition using openPose
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- 25,000 images

- 40,000 people

- 410 Human activities
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