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Dataset 
 

Scale Bicubic EDSR 
-T 

Squeeze 
SR 

Squeeze 
SR-KD  

Set5 2 33.66 37.89 36.62 36.90 
3 30.39 34.17 32.33 32.70 
4 28.42 31.75 30.67 30.86 

Set14 
 

2 30.24 33.28 32.34 32.56 
3 27.55 29.97 28.97 29.24 
4 26.00 28.20 27.63 27.70 

Urban 
100 

2 26.88 31.29 29.43 29.60 
3 24.46 27.43 25.71 26.10 
4 23.14 25.33 24.59 24.73 

   
(a) Ground truth 

(PSNR/time) 
(b) Bicubic 
(22.28/-) 

(c) SRCNN 
(29.70/2.7734) 

   
(c) EDSR-T  

(31.68/2.4623) 
(d) SqueezeSR  
(27.62/0.2667) 

(e) SqueezeSR-KD 
(29.62/0.2384) 

 2.  Urban100  “img_004”      

 

1. Knowledge Distillation    
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