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| Recommendations for Soeun

Grook Srined Yogurt Total Greek Strained Yogurt 0667

Sparkling Natural Mineral Water. Total Groek Strained Yogurt 0667

Association Rules Recommendations
No. Products Likely To Buy No.  Product Rate
& 4 ga o772
2 Organic Cheny. 2 o754
Granolabar

3 Sparkiing Natural Mineral Water. Organic Yellow Peaches o719
3 O Tea

4 Cheny, Dark Chocolate & Almond Granola bar o702
4 Organk Tea

5  Organic Aged Earl Grey Tea o702
5 Organic Yellow Peaches Total Greek Strained Yogurt

6 Country Peach Passion Herbal Tea o702
6 Organic Total

7

s

°

7 Sparkling Natural Mineral Water Organic Yellow Peaches
8 Sparkling Notural Mineral Water fogurt Yogurt: Org os67
9 Mineral Water Chenry

Granola bar

10 Sparkling Natural Mineral Water Total Greek Strained Yogurt, ‘Organic:

Yellow Peaches

1 Sparkling Natural Mineral Water
‘Organic Yellow Peaches

Total Greek Strained Yogurt

12 Cherry. Dark Chocolate & Almond
Granola bar

Organic Yellow Peaches.

13 Organic Aged Earl Grey Tea Organic Yellow Peaches.
u  Chemy.
Granola bar
15 Tea  Oanic
® Yogurt
7 Total Greek Strained Yogurt Organic Yellow Peaches
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'produce”, "aisle" : "fresh fruits", "foodgroup" :
"_id" : ObjectId("5c£941159297fa4£53d09654"), ""

"vegetables and fruits" }
+ 15520775, "order_id"

'department" : "dairy eggs", "aisle" : "yogurt", "foodgroup" :
" id" : ObjectId("5cf941159297fa4£53d09655"), "" :
00330, "eval set" : "prior", "order number" : 2, "order dow" : 1, "order hour of day" :
'days_since prior_order" : 7, "product id" : 28613, "add to_cart order"
'product_name" "Organic Grapefruit Ginger Sparkling Yerba Mate", "aisle id"

'department_id" : 7, "department" : "beverages", "aisle" : "tea", "foodgroup" : "others" }

"diary products and alternative
15520776, "order_id" : 1011604,

00330, "eval set" : "prior", "order number" : 2, "order dow" : 1, "order hour of day" :
'days_since prior order" : 7, "product id" : 33719, "add to_cart order" : 3, "reordered" : 1
'product_name" : "French Vanilla Yogurt Vanilla", "aisle id" : 120, "department id" :

: 4, "reordered" : 1

O
13,

'

"_id" : ObjectId("5c£941159297fa4£53d09653"), "" : 15520774, "order_id" : 1011604, "user id" :
00330, "eval set" : "prior", "order number" : 2, "order dow" : 1, "order hour of day" :

'days_since_prior_order" : 7, "product_id" : 47766, "add to_cart order" : 2, "reordered" : 1
'product_name" : "Organic Avocado", "aisle id" : 24, "department id" : 4, "department" :

: 1011604, "user_id" :

13,
'
16,
st

"user_id" :

13,
'

9,

}
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