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TAG F1-Score F1-Score
TOTAL 81.05 89.71
AF 80.75 87.61
AN 79.34 85.67
v 71.62 84.04
DT 92.48 96.43
EV 49.90 80.46
FD 70.09 79.91
LC 89.54 95.07
MT 71.25 86.91
0G 73.09 88.48
PS 80.03 90.59
PT 80.15 87.61
Qr 91.07 94.91
T1 69.60 87.29
™ 70.44 83.33
TR 52.35 77.88
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