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Gubun | Divergence ROC  Gini  KS(%) RMSE NSSE
Train 2.050 0.837 0.675 573% 571.74 0.764
Test 2.039 0.836 0.672 55.2% 566.345 0.762
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[1] GAM (Generalized Additive Model)
( https://datascienceplus.com/generalized-additive-
models/ )

[2] Orphan policy : IIFL
( https://www.indiainfoline.com/article/news-top-
story/understanding-‘orphaned’-policies-
113110106327 1.html )

[3] NICE Credit Information Service :
( https://www.niceamc.co.kr/kr/index.do )
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