1,2,3,4,*/\/\211.4] NELE Q] 0_1

e-mail: pcwyvonne@gmail.com, mayer0425@naver.com, juyi7282@gmail.com,
sfsfkj@gmail.com, [nylee, youngjongl@ssu.ac.kr’

A Study on Baseball Players’ Type Analysis and
Prediction of Batting Result by using Tensorflow

Chaewon Parkl, Jibeom Parkz, Yeongjun JooS, Hyunseok Kim4,
{Namyong Lee, Youngjong Kim}"
1234*School of Software, Soongsil University

2 o

B oQTE @ ZR ofF A4 el FAsE dolHE veon gAY A% dEsnd o
U E2AS T grk AT MW 0I5AEYE 018M 2 R @ Lz ok ade F4
BAe #9e TS ol Axgy Rue wED ARG wdd A7 A 0194029 2
g wa RS, B oAFAsE S Z2 of 107] Fue] HEe AF AW Adel Jlod A
o o,

1. ME

Shar 22 of5H(KBO)7F 2019 Al&9] Hx #%
< 9d HdQl 8787 Wom Fe wkF, off & 3
utoh 2 171E Al AUk ok EES EEe &
Z P, ‘ApAle] SEkE puke] A, ‘ojw M F/O Pitcher G/O Pitcher
7F Ahdel wlas] o u& AAHE dA ] s 4
ek Apale] Foldhs TR Fe A4E S9@ 1H 15 3
th B A Jo A= 20154 =5E 2018429 RE a9 1o yElY 9+ ‘Power Pitcher & 9%
e ook A7lA B 104 oo Avg o HEem A e Feln, Tinesse Pitcher
%;(]lg_ JQEL HOP/E} % 5‘]—1/]'?1 Machine Learmng 7] = Zﬂ:FLEjQ‘ H]'H'oi HQE}% ‘IT‘J—O]"E E,_Z,‘_o]u].
Mo nlgom E2o g 7+ gAd A o= A T3 ‘F/B Pitcher’ & £33 (Fly bal)g FE3te
£ o SFstaat g Fo]a1, ‘G/B Pitcher + & (Ground bal)S

Lol Foltt

228

2-1. dlojg 3 = A3 Finesse

@5 Zw ofH(KBO) ¥4 FololA| 9 Statiz, LG

A= KBReportet 7Z& AMA /\}O]Eoﬂfq 2015

A EHE 2018A S7HA] F 4A ol Zokek A

N dHolE (8 7 B, =78, FEE, OPS

wOBA, wRC+ 5)& FHgtt 3¢ delgE a8 2 g§A4 58
3 A

H H
= AR Y ‘Power Hitter’ TAA B ALl

goz F5o 583} el
e acia=y E} 2ol ™| ‘Finesse Hitter' = YEFS} & F9
= EbAloltt. ‘F/B Hitter & WARZbo] &2
EFFE AAslE ElbAbelW,| ‘G/B Hitter &

oo o
)

1 ool mX
N ox

-502 -



20194 FEAletaErl3| =FF 263 M1= (2019, 5)

o] e gu Bt B E Eapoln,
19 3 2018412 wlo A2l L(MLB)®] B9l
Single Hitter®l Whitley Merrifield®} Power Hitter
¢l Kristopher Davis 2] E}FE¥XZo|t} o] X585

ol BAbel e e AlAHew &9 5 A

2-2. 4% 3 £F 2 dolg 4 Wy
E1RY BA0 AHEHE Bl AR

T A 3
IsoP(Isolated Power, &t 3 Els)
BB(E4Yl &=F)
Bl A} k(3H31)
FO/GO(%HE o} tjH] &3 of%)
XH/H(EFA din] et 7i5)

PFR(Power finesse ratio)
(AR +EY)/ oY
FO/GO(HE oF% tiH] &3 o}%)
FB%(Fly Balls, =3 H|&)
k/9(9e]dd &4 )
BB/9(9¢]dd =4l &)

-
i

clusteringdt 232 S BlA-F537 83 A
A4 deleEs +52 F 2
E

=

Mool g A4 dlolE,

/X8 FAME, BFAFY] Hot and Cold Zone?) S&
o] &3 HA| EfA o ARE o St}

Artificial Neural Network(ANN)S 7] & 9] 8h5
HAUSZS Algdoldsts HE&AA 7ol
ANNE 99 jrddoA =9
Adsta kg A (weight) & 53+ v e 2 AFE-3}
o =g F+E AAe
7k A 9] gkel

sttt 18] Tensorflows F3] A Ed<y Ed

¥ 715 FHAA ARE F2P 0 ARE o
Aol AESH2 B3 Y4 RAS HPgoE T
S} At A ATHQIE ) WA R &
s AsE 18] XA g, ele] Mol AA )
WoEE gowA b ¥ dFES b mY
2 #evh

ACKNOWLEDGMENT
R ATE W EARENY L AREN LA FAE
o swEAWIAde  ardsz 4
(2018-0-00209-001)"

ZHoEd
[1] Neural Networks and Deep Learning, Charu
C.Aggarwal, Springer, 2018






