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Fig.1. Overview of our framework. The whole network  

 

 
 

 

 
 

 

 
Fig.2. The normalized point cloud in 3D world coordinates. 
 

 

 

 

 
 

(a) Predicted Points

(e) Ground Truth (f) GT-projection on X-Y Axis (g) GT-projection on Y-Z Axis (h) GT-projection 
on X-Y Axis 

(b) pred-projection on X-Y 
Axis 

(c) pred-projection on Y-Z Axis (d) pred-projection 
on Z-X Axis 

 
Fig. 3. (a) is the predicted points. (b)&(f) show the 2D projection of 
predicted point cloud and ground truth on x-axis and y-axis. (c)&(g) 
show the 2D projection of predicted point cloud and ground truth 
on y-axis and z-axis. (d)&(h) show the 2D projection of predicted 
point cloud and ground truth on x-axis and z-axis. (f) is the ground-
truth. 
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Fig. 4. Examples of point cloud autoencoder results. First row: 
input point clouds of size 1024. Second row: reconstructed point 
clouds of size 1280. From top to bottom: airplane, car, chair. 
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