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[Fig.1] Robot System Configuration Diagram
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[Fig.2] CNN architecture of Algorithm by Young-Jin
Cha & Wooram Choi
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[Fig.3] YOLO v3 network Architecture
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[Fig.4] 3D Tracking with IMU
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[Table.1] Desktop Specification
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[Table.2] Desktop Specification
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[Fig.5] Accuracy of Algorithm by Young—Jin Cha & Wooram Choi

[Fig.6] AP(Average Precision) of the YOLO
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[Table.3] Result of Crack Detection
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