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2. Meotstes AlAd

B oEReA At ge BRI BEe Ao
F AR AB/9 o4 4FL s Axde AR
FaRE e 2y 13 gom, 29 A¥ Aaddd g
2 Aols7] f1% SEGANS H&F Sl8lo] wud 7=
& Fgatgint

(2" D Az Ad&7] o] 43 A Axd 42

(2% 2) ol A3 4¥ES 93 CNN 2=

21 M2 Mat7| o|4a A& BRI =

AZ AF7] ol 38 BFRVY AF FERE 1279
convolutional 7152 1719 fully connected Ao =
e BE ATAAAM 7de A7 1x312 1A, 74
o] M= {32, 64, 64, 128, 128, 256, 256, 512, 512, 1024,
2048, 132 AA3tArh. wpA AT 4 FrEERE

B
ZEUA(softmax) B5E ALgete] BRI gE &
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Agol A48T dolEE 20164 19 19, @A A7
AAN FATNN FAAGor, FHRFS e
2tk B oA MAEE o NEE A=

So] Zl(ice—covered) °©|WE 1417, 283 A= 37
o] YAl7} &9 (unscrewed) ©|WIE 15570 ¢t} =3 gk
g oMEES 4F 3PS B FAPYeR HFHA
W, 45~57%9 ZHol& 713 H44,100Hz, mono EFY).
Tt doly 3 Al TAYAE A 2] (bird chirping),
Al FHE A (helicopter), ¥F# A (wind), W24 (rain)
E AR A&7 3 A AT F U= FH FeoR
Agstden, 940 WA FE(SNR:Sound to Noise
Ratio: 18, 15, 12, 9, 6, 3, 0dB)= o] ¢+ A=z 3
Aste]l 5 delHE FHlet AT 7% 34 FeEol

SAZEE % 13 Zov, SNR @2 FA7F 2

>

g 71z
255 Feo At AAAE v
<HE 1> Feel #g 1z AR
Blr.d Helicopter | Wind Rain
chirping
SNR (dB) 38.1146 14.5317 11.332 8.4212

Mean intensity| ) 5105 49,100 | -1.9x10°| ~1.3x10°

(dB)

Max intensity 0.0097 0.2429 0.2849 0.2560
(dB)

Min (lgge)“my 00103 | -0.2724 | -0.2559 | -0.2863

= A8l g8, A=

s 78 F, 3 del"HE o &
SEGAN % ol 43 A& 4l
ghelnen, A2 Ubuntu 16.04,
TensorFlow 0.12.1 734 gt 2d st W
A Z2(SNR 18, 12, 6, 003 373 #2(weak footsteps,
radio operation, strong footsteps, door opening)< ©] &
g & 87HA F S F7HE dlolH 4,704(5887H x 8
7HA RE AINE o]&3ATH SEGANS 358 o Ab
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&3t stoly vy HAAgS HEF S8l A7 4
& AHgetlon, fgol AAE AEE AFH Fx
2135t 7] 93%te] PESQ(Perceptual Evaluation of Speech
Quality)Z A}g3tth. PESQE =4 7] B4 A%
(ITU)9] P862.2014 AFste FUlYd HA S A8t 4
g F4& Hrtste ARAJA Ax=2 -05~459 & 7
A [9], kol E5F vl Ulddy A =55 9y
o} (%2 H=2).

A 7}
A 2

_IE ol

<G 2> 98 AEFEe] §le)9 SEGAN 2 # &
e Am Abole] FAIE(PESQ) 54 AT

Noise Noisy SE_GAN
Conditions T3 5
SNR 0 1.9223 2.2094
Wind 1.9684 2.0310
Rain 1.8829 3.2802

571 &8 00001, batch size: 100, Leaky
ReLU(alpha = 0.2), dropout H]&: 50%, A4 % AA ==
o] Z7]8h= Xavier 55 ol&dom, A sty 3
50,0008 = 4 A 3} T}

At Al=de] 277 A HAEE g AME-
=2 gk WA g HolE(SNR 18, 15, 12, 9, 6, 3, 0)
#-2 dlo]E(bird chirping, helicopter, wind,
rain)7}b FAE dolE(B88 x 117FA He& A =
6,468)5 AdAel =g 5 FEol AAL

7l AEstd B/ Ass &Udsdon, fl-scores

¥ s

S oME ER{ Aes AFHo=E Fristr] g% A
A F 2 AFE3FA T Fl-scores precision®} recall®] %3}
P o2 ALHI0IE W, fl-scorew= 19 7M7h&45 24
A5l E55 ot

E 32 Aljke g Fol o Ao Fe AFelA
T 4714 ol & 37kADel

<E 3> #E FFeN A= A% ol 33 4w A

Noise Bird . . .
» SNR 0 o Helicopter | Wind | Rain
Conditions Chirping
Fl-score | 0.98 0.99 0.99 0.99 0.98

4. 42
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