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DDQH 0.6332 0.9652 0.9801 0.9834

Proposed 0.9853 0.9912 0.9930 0.9942
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DDQH 0.1186 0.2673 0.3512 0.4625
Proposed 0.6858 0.7345 0.7929 0.8321
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