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M - image captioning model prediction
Mc(pos_tag): part of speech of predicted caption
M loss value of image captioning model
I max length of caption
Veondition: verb condition (e.g. VB, VBD, etc.)
A¢ predicted action class
Apt accuracy of action classification model
C. caption
for /< Vdo
Mc, ML < My (image, cap)
if M1 <(score/i) then
if Mc(pos_tag) == Veondiion then
if A,> 0.8 then
C < Ac
end if
end if
else
C< Mc
end if
T<i+1
end for
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Tag Description Example
VB base form ‘take’
VBD past tense ‘took’
VBG gerund/present participle ‘taking’
VBN past participle ‘taken’
VBP non—3" person singular present ‘take’
VBZ 3rd person singular present ‘takes’
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