ZIAStE o dagEe o83 rAwA

(o] o v
oY - YL - OAH
S E SR Ye ]

Non-linearity Mitigation Method of Particulate Matter using Machine
Learning Clustering Algorithms

Sang-gwon Lee - Kyoung-woo Cho - Chang-heon Oh’
'Department of Electrical, Electronics & Communication Engineering, Korea University of Technology and
Education(KOREATECH)
E-mail : tkdrnjs507@koreatech.ac.kr / pinokio622@koreatech.ac.kr / choh@koreatech.ac.kr

TsE o)A wae] S7ta] mef ojAux
Fol 9l A7 10pm olste] AYAL AL
Wi gy oA o5 o) J1g Fuetel uuss

)
e

=

o

= =

ch. SIAIGH DAIRA] BNEA AAY REL o5 ndEo] uxc gt
g 2 otk B ARME JAetse 2 ues U BEduese o gslel ol
MY 5 2 E A
o

=2

K]
o

AP o
gy 1o,
o = njo 3@ 0% L

)
m?.rlérz
1o

1=}
92 gejstuat A ALgE Jes
53 THAYL B, LA,

ABSTRACT

As the generation of high concentration particulate matter increases, much attention is focused on the prediction of
particulate matter. Particulate matter refers to particulate matter less than 10pm diameter in the atmosphere and is
affected by weather changes such as temperature, relative humidity and wind speed. Therefore, various studies have
been conducted to analyze the correlation with weather information for particulate matter prediction. However, the
nonlinear time series distribution of particulate matter increases the complexity of the prediction model and can lead to
inaccurate predictions. In this paper, we try to mitigate the nonlinear characteristics of particulate matter by using
cluster algorithm and classification algorithm of machine learning. The machine learning algorithms used are
agglomerative clustering, density-based spatial clustering of applications with noise(DBSCAN).
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