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ABSTRACT

As a method for modeling a three-dimensional object, there are a method using a 3D scanner, a
method using a motion capture system, and a method using a Kinect system. Through this method, a
portion that is not captured due to occlusion occurs in the process of creating a three-dimensional object.
In order to implement a perfect three-dimensional object, it is necessary to arbitrarily fill the obscured
part. There is a technique to fill the unexposed part by various image processing methods. In this study,
we propose a method using GANs, which is the latest trend of unsupervised machine learning, as a

method for more natural hole-filling.
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