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Study on Analysis of Performance to Surrogate modeling Method for
Battery State Estimation
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Table 1 Prediction error of battery capacity using

surrogate model (=Hl %)

T8 GBRT | GP | HDA [HDAGP| SPLT
AX | B | 046 0.85 0.87 0.40 041
ox| AW | 818 | 2907 | 1161 | 767 869
234 |37 | 014 0.28 051 0.15 0.04
x| AW | 28 2.14 340 204 3.09
= | ¥y | 164 | 296 | 220 | 133 1.76
o3| Ho | 818 | 2907 | 1161 | 767 8.69
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Fig. 1 Prediction of battery capacity using surrogate
model
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