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FIY=: H]Z(Beacon), RSSI(Received Signal Strength Indication), Z% HE](Kalman filter), ©]- &% (Moving Average)
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I, Preliminaries Fig. 1. Raw Beacon RSSI Graph
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Fig. 2. Kalman filter applied Beacon RSSI Graph
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lll, The Proposed Scheme
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Fig. 3. Difference between kalman only and kalman with
Moving average,
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Fig. 4. Positions about Kalman only and Kalman with Moving
Average applied
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