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ABSTRACT

As the issue of particulate matter spreads, services for providing particulate matter information in rea
time are increasing. However, when a sensor node for collecting particulate matter is defective, a
corresponding service may not be provided. To solve these problems, it is necessary to predict and
deduce particulate matter. In this paper, a particulate matter prediction model is designed using artificia
neural network algorithm based on past particulate matter and meteorological data to predict particulate
matter. Also, the prediction results are compared by learning the input data of the model in the design
stage.
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