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ABSTRACT

This study was carried out to utilize LSTM(Long Short-Term Memory) technique which is one kind of artificial
neural network. Among the 27 types of motion data released by the UTD(University of Texas at Dallas), 3-axis
acceleration and angular velocity data were applied to the basic LSTM and Deep Residual Bidir-LSTM techniques to

classify the behavior.
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1. Swipe left 2. Swipe right 3. Wave 4. Clap 5. Throw

9. Draw dircle 10. Draw circle (counter
{clockwise) clockwise)

13. Boxing 14. Baseball swing 15. Tennis swin

6. Arm cross

11. Draw triangle

7. Basketball shoot 8. Draw X

16. Arm curl 17. Tennis serve 18. Push 19. Knock 20. Catch

21. Pickup and throw : 23. Walk 24. Sit to stand 25, Stand to sit
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26. Lunge 27. squat
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