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ABSTRACT

Human activity is influenced by various factors, from individual physical features such as vertebral flexion and
pelvic distortion to feelings such as joy, anger, and sadness. However, the nature of these behaviors changes over time,
and behavioral characteristics do not change much in the short term. The activity data of a person has a time series
characteristic that changes with time and a certain regularity for each action. In this study, we applied LSTM, a kind
of cyclic neural network to deal with time - series characteristics, to the technique of recognizing activity type and
improved recognition rate of activity type by measuring time and parameter optimization of components of LSTM
model.
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