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ABSTRACT

In this paper, a dog breed image provided by Dataset of existing ImageNet[1] and Oxford-IIIT Pet
Image[2] is combined with a dog breed image obtained through data mining on Internet and a
random-label is added. this paper introduces to recognize 122 classes of dog breeds and 1 class that is
not dog breeds. The recognition rate of dog breeds using both conventional DB and collection DB was
improved 1.5% over Top-1 compared to recognition rate of dog breeds using only existing DB. The
image recognition rate about non-dog image, was 93% recognition rate in case of 10000 random DBs.
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