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ABSTRACT

In this paper, we propose a model that classifies different transaction information by clustering and learning through
similarity and transaction pattern of cryptocurrency transaction information. By using characteristics of genetic
algorithms, we can get better clustering performance by eliminating unnecessary elements in clustering process. The
transaction information including the clustering value is set as the training data, and the transaction information can be
predicted through the classification algorithm. This can be used to automatically detect abnormal transactions from
various transaction information of the cryptocurrency.
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