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Course 244
Department 4
Faculty 153
Project 86
Staff 46
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Total 1,091

APE7: TF-IDF 2 21,597 7|9 ol FAH =
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Kernel PCA, Doc2Vec ¢ 2+l Z24 71W & 2 -g&3lo] 2t
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complete linkage, average linkage 2] Al &H3} 7|H), =
AEY {35, F MFE A 7rEl oy et
EO"‘SL 6 M= AAste] A& A ¥y AgH
AL FHx, wRGAE T ASE AZEQ
scikit-learn (http://scikit-learn.org)S-, Doc2Vec 5ol
Genism (https://radimrehurek.com/gensim/)S A}-& 3t}

YR E: 33t A5 BH7tel 7HE ol A8 H =
normalized mutual information (NM1)3} adjusted rand index
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<3£ 2> Normalized mutual information < ©]-&3F 7}

TF- Kernel | Doc2

NMI IDF SVD PCA Vec
K-Means | 0.344 | 0.348 | 0.360 | 0.274

Ward 0.225 | 0.242 | 0.266 | 0.249
Complete | 0.155 | 0.098 | 0.066 | 0.045
Average | 0.010 | 0.055 | 0.055 | 0.036
Spectral 0.168 | 0.122 | 0.081 | 0.078

<3 3> Adjusted rand index = ©]-&3F 7}

TF- Kernel | Doc2

ARI IDF SVD PCA Vec
K-Means | 0.282 | 0.301 | 0.325 | 0.304
Ward 0.108 | 0.171 | 0.274 | 0.323
Complete | 0.089 | 0.044 | 0.025 | 0.017
Average | 0.002 | 0.009 | 0.009 | 0.004
Spectral | 0.085 | 0.034 | 0.034 | 0.004
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