20184 E=AH|sraut )3 =2X! M|253 M[15(2018, 5)

ANN £ A3 8|2 AZSA 7|9

*
]

kb
D)
o

*
o
oy
o
U\I

Tehedx, gAER, Al o FA, AETRs, e

> > >

i

) 761 % *%
A B SFa 3 E 9] o] F8hak, x4 QL Abo] =
e-mail : {sk49016445, cat1919, rlaxodud1200, wkdwlgus901, stkim, jhlee25}@jbnu.ac.kr, {yungu,
youbinrocks, rimi} @userinsight.co.kr

An Approach to Measuring Beacon Distance Using ANN

Jiwoo Noh*, Seunghyeon Kang*, Tacyeong Kim*, Jihyun Jang*, Suntae Kim *, JeongHyu Lee*,
YunGu Kang**, YouBin Park**, Eddy Choi**
*Department of Software Engineering, Chonbuk National University, 567 Baekje-daero,
Deokjin-gu, Jeollabuk-do 561-756, Jeonju-si, Republic of Korea
** Userinsight, 210-ho, 34, Sangni 1-gil, Deokjin-gu, Jeonju-si, Jeollabuk-do, Republic of Korea 54882

e of
A ST o] gl wet YA 7INE Aulzel] i #al = Stekar vk O 5 AdY BERRE Tss
AHE-3F 1] (Beacon) Nlﬂ A2 o] =7bsdk Gpseh 2] AuldlA®= F907F 7beste]l ARgAdo]l FE WAl Atk
gy HZo2RE 4215 = RSSI(Received Signal Strength Indication)#k2 o182 A QAR HEH JIFS 7] ol
RSSIFLS 7|vko = fﬁ 7%11§7‘4°] AAAG ] eA7E AA dedth old wE EAE Aty 9 7=
AyEel EMSAN FEAOR lomelste] ZefelA 2me] eAE uEhia Stk @ dyelAE RSSIY] eAFE
=o]7] 98l & 29k Ay} 2% g3 BHE AHESto] Raw Datas WA 3 F AFE¥ Cleaned DataE 79I =
7+ A ek9lol A 3}¥ ANN(Artificial Neural Network) @S- A ste] A S A= 7IHS Algsit.
1.AME Cleaned Data = 7]HFS 2  ANN(Artificial Neural
PA SRS A3 g wEEs A Neoll SR E%%E*ﬁ*ﬁ}f}mcj—% 53
AEl o] Aol Folqa glow o]z old, AU z—i;ﬂw} A AR A el s A
A3 940 FRAE F74a ATk AEA) A7

o
oo
T,
s
kv

A2S Qg U AYSH 7IHe . =

Vit ol b Aol A on e > ANNIE I H2la S

S Axtsle] wifi REY AutE E ALl AZESA B Zo| = ANN(Artificial Neural Network)[10]7]4F
S 3}a Wifi Access Point & 7HA1 & 7+ 4= E 74ﬂz7“ 71 dlste] =oldt. B OAHE Wi
=43 5 AFgAFe] YAES dobullnil]. T3 o F WAIE o]FojA drk. 3 WHAE Preprocessing
A dolA AMZ o] & ArFtew EAZ F2  AdAe RIZOESFEH % Raw Data(RSSHE &
gt M E ZA8tH2). 1 FolA % H]Z(Beacon)”?] ¥ #RF A 2% <t FHE AA Cleaned
&2 ARgAE YA 71k A" oy WA X ElAYe]  Data 2 ‘b= 5 AR Training @AM =
Ags)] Aol ol r7]. 2ely 24GHz &  Cleaned Data & WO = Tensorflow & ©| &3l 3t}
Ab&E= B]E¢  RSSI(Received Signal Strength 8-S AA ANN ASFAH RdS vk v Al

Indication)#t< ol2] H oAz HE s {7 u
ol RSSI #& 7|wte = 3 A ZA4gko]l 4 stA
2T 3][9].

Hl 2o &bt RSSI A4S sl 437l 93 RSSI
o Ae HiBjelelY JFANALE e w A
BE SHAA AAAL G SRS Folk 7]E
RF7E EATHAG). 2 FeAME v A8
AeAEE 55 ot A oSS 3§ Filip Mazan
3} Alena Kovarova 2] ol A= o] 14m ol 2%}
7F 3t 2.74m B A 0] &znfsmr

2 Aol A= HIe] RSSI & Preprocessmg I

Aol M= zh dAlel thske] A gt

2.1. Preprocessing

2.1.1. Extended Kalman Filter
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