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3.5 K-Means clustering Algorithm 

 
(a) Number of Clusters 

Fig.1. Eblow Method    
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(a) Material Alarm 

 
(b) Material Alarm 

Fig.2. Visualization 
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 0   . 
normalize <- function(x){return((x - min(x)) / (max(x) - 
min(x)))} 
Data_n <- as.data.frame(lapply(Data[1:15], normalize)) 
summary(Data$MAINT_COUNT) 
 Min. 1st Qu.  Median    Mean 3rd Qu.    Max.  
 0.00    3.00    6.00    7.91   11.00   44.00  
Data_train <- Data_n[1:450, ] 
Data_test <- Data_n[451:499, ] 
Data_train_labels <- Data[1:450, 16] 
Data_test_labels <- Data[451:499, 16] 
library(class) 
Data_test_pred <- knn(train = Data_train, test = 
Data_test, cl = Data_train_labels, k=22) 
library(gmodels) 
CrossTable(x = Data_test_labels, y = Data_test_pred, 
prop.chisq = FALSE) 

 
1    = 23/24(95.84%) 
0    = 21/25(84%) 
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5. Decision Tree Classification Algorithm 

    
      
 

 
        

 
6. SVM Classification Algorithm 

Training Data = 80%, Test Data = 20% 
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