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ABSTRACT

In this paper, we propose the improvement of Hangul OCR accuracy through deep learning. OCR is a program
that senses printed and handwritten characters in an optical way and encodes them digitally. In the case of the
most commonly used Tesseract OCR, the accuracy of English recognition is high. However, Hangul has lower
accuracy because it has less learning data for a complex structure. Therefore, in this study, we propose a method
to improve the accuracy of Hangul OCR by extracting the character region from the desired image through image
processing and using deep learning using it as learning data. It is expected that OCR, which has been developed
only by existing alphanumeric and several languages, can be applied to various languages.
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