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A Study on Data Inference using Machine Learning in WSN Environment
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ABSTRACT

The loss of data collected from the sensor node in the wireless sensor network environment is caused by
the hidden node of the sensor node and power shortage. In order to solve these problems, researches have
been actively carried out to maintain the network effectively, but there is no study on the situation where the
maintenance of the network is impossible. Therefore, research is needed to infer lost data in situations where
network maintenance is impossible. In this paper, use particulate matter data of specific cities to deduce lost
data. Analyze the accumulated data through machine learning and identify the possibility of inferring lost data.
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