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ABSTRACT

In this paper, we propose a system that analyzes environment information by using deep learning and then
provides a suitable environment for users by predicting environmental information change. As the level of
living improves, interest in improving the quality of life is increasing. In particular, as the air quality
deteriorated due to the recent occurrence of dust, smog, fine dust, and ultrafine dust, the indoor air quality as
well as the outdoor air became a serious problem. The increase of indoor pollution due to the lack of
ventilation and the use of chemicals is a serious problem for modern people who have a lot of indoor living.
In order to solve this indoor air pollution, a system has been proposed that measures the state of air quality
through sensors and maintains proper temperature and humidity. However, existing system has a difficulty to
apply most of the atmospheric environment information to various users depending on sensors only. The
system proposed in this paper predicts the indoor environment by analyzing the indoor pollution information
collected through the sensor using the deep learning. Then, the predicted indoor environment is modeled and
learned in this system, and the environment suitable for the user is suggested. Afterwards, the system receives
feedback from the user and repeats the process of re-learning the proposed environment so that it can create
the optimal environment for the user.
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