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ABSTRACT

We design CNN(convolutional neural network) which is applicable to steering control system of autonomous
vehicle. CNN has been widely used in many fields, especially in image classifications. But CNN has not been
applied much to the regression problem such as function approximation. This is because the input of CNN has
a multidimensional data structure such as image data, which makes it is not applicable to general control
systems. Recently, autonomous vehicles have been actively studied, and many techniques are required to
implement autonomous vehicles. For this purpose, many researches have been studied to detect the lane by
using the image through the black box mounted on the vehicle, and to get the vanishing point according to the
detected lane for control the autonomous vehicle. However, in detecting the vanishing point, it is difficult to
detect the vanishing point with stability due to various factors such as the external environment of the image,
disappearance of the instant lane and detection of the opposite lane. In this study, we apply CNN for steering
control of an autonomous vehicle using a black box image of a car.
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