Design of new CNN structure with internal FC layer
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ABSTRACT

Recently, artificial intelligence has been applied to various fields such as image recognition, image recognition
speech recognition, and natural language processing, and interest in Deep Learning technology is increasing.
Many researches on Convolutional Neural Network(CNN), which is one of the most representative algorithms
among Deep Learning, have strong advantages in image recognition and classification and are widely used in
various fields. In this paper, we propose a new network structure that transforms the general CNN structure. A
typical CNN structure consists of a convolution layer, ReLU layer, and a pooling layer. Therefore in this paper,
We intend to construct a new network by adding fully connected layer inside a general CNN structure. This
modification is intended to increase the learning and accuracy of the convoluted image by including the
generalization which is an advantage of the neural network.
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1. CNN(Convolutional Neural Network)
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