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Human Recognition using CNN under Indoor Environment
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filter
epoch 3x3x5 5x5x5 7x7x5
10 41.3% 37.6% 41.3%
50 46.6% 43.0% 46.6%
100 51.6% 47.3% 52.3%
200 55.3% 51.0% 47.6%
500 49.6% 50.0% 50.6%
1000 54.6% 49.0% 50.0%
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epoch 3x3x5 3x3x10 9x9x20
50 77.5% 75.0% 73.7%
100 75.6% 75.6% 76.2%
200 76.8% 76.2% 74.3%
500 76.2% 76.8% -
1000 78.7% 75.6% -
2000 75.6% 75.6% 80.0%
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