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Abstract 

 

We attempt to combines concepts of Morphological Operator(MO) and Convolutional Neural Networks(CNN) to 

improve image-to-image translation. To do this, we propose an operation that approximates morphological 

operations. Also we propose S-Convolution, an operation that extends the operation to use multiple filters like CNN. 

The experiment result shows that it can learn MO with big filter using multiple S-convolution layer of small filter. 

To validate effectiveness of the proposed layer in image-to-image translation we experiment with GAN with S-

convolution applied. The result showed that GAN with S-convolution can achieve distinct result from that of GAN 

with CNN. 
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