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#Features : 01 ©2 O3 ©O4 O @10

[403] (47%) acoustic guitar
[209] (13%) Labrador refriever
[208] (6%) golden retriever

[163] (2%) beagle

[715] (1%) pick, plectrum, plectron
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[# 1] Overview of dataset.
¢ : Number of target classes, N : Dataset size
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