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ABSTRACT

I used Principal Component AnalysisS(PCA) and Linear Discriminant Analysis(LDA) to utilize biometric
technology for security. I used 14 korean consonants( to &). And It has both information of gestures for
each consonants and identity of user. So this experiment is set for this two aspects. I used database including
20 people’ s images. Each person did 140 action for every consonant with 10 trials. PCA and LDA must be
applied on self-collected database using MATLAB programming. Equal Error Rate (EER) is used for evaluate
performance of this analysis.
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