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ABSTRACT

Opinion mining is a way to analyze the emotions in the text and is used to identify the emotional state of
the author and to find out the opinions of the public. As you can analyze individual emotions through opinion
mining, if you analyze the text by region, you can find out the emotional state you have in each region. The
regional sentiment analysis can obtain information that could not be obtained from personal sentiment analysis,
and if a certain area has emotions, it can understand the cause. For regional sentiment analysis, we need text
data created by region, so we need to collect data through Twitter crawling. Therefore, this paper designs a
Twitter data collection system for regional sentiment analysis. The client requests the tweet data of the specific
region and time, and the server collects and transmits the requested tweet data from the client. Through the
latitude and longitude values of the region, it collects the tweet data of the area, and it can manage the text
by region and time through collected data. We expect efficient data collection and management for emotional
analysis through the design of this system.
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