A Study on Augmented Reality-based Positioning Service

Using Machine Learning
Chang-Pyo Yoon" - Hae-Jun Lee” - Chi-Gon Hwang™
“Gyeonggi College of Science and Technology - “Kyungmin University

E-mail : cpyoon@gtec.ac.kr

0]

S olg@ g Bopl B FhHn Ak EF 20E 1719 BFH o
e : Cagu 2908 A8 3
%9 ARE 8T + Y 54 I 2L Ay

@ 58 Az AFol otk e HFN 2V Ao 52H F
[e)

Wl s ATskt

ABSTRACT

Recently, application fields using machine learning have been widely expanded. In addition to the spread of
smart devices, application services using location-based services are also in demand. However, it is difficult to
provide the application service through the positioning in the indoor environment such as the specific space
where the disaster situation where the information for positioning can not be collected and the actual location
location information can not be used. In this situation, using the spatial information composed of the marker
information and the markers of the neighbor registered in the augmented reality environment, positioning at a
specific situation or position becomes possible. At this time, it is possible to learn the operation that makes the
configuration of the marker-based spatial information correspond to the actual position through the machine
learning, and the optimal positioning result can be obtained by minimizing the error. In this paper, we study the
positioning methods required in specific situations using machine learning for learning of augmented reality
markers and spatial information.
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