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1: function naive(A, Sizemin, Errormax)

2: Input: 2-dimensional array data of nxm size A
user-defined minimum size of regions Sizemin
user-defined maximum size of error Errormax

3: Output: (pivot loc, current loc, width, height)
width and height of region

C = all candidate rectangles (size > Siz€min)

for all candidate rectanglec & C
forrow=1ton
for column =1 to m
/* Upper-left location of pivot */
pivot_loc = (row, column);
9: for i=rowton

T

10: for j = column + 1 to m
11: /* Upper-left location of current region */
current_loc = (i, j);
12: error = Calculate error
(pivot_loc, current_loc, width, height);
13: if(error < Errormax)
14: return (pivot_loc, current loc, width, height);
15: end if
16: end for
17: end for
18: end for
19: end for
20: end for
21: end function

Algorithm 1: naive method algorithm
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1: function proposed(A, Sizemin, Errormax)
2 for row=1ton
3 for column =1 to m
4 pivot_loc = (row, column);
5: for i=rowton
6 for j = column + 1 to m
7 current_loc = (i, j);
8 error = Calculate error
(pivot_loc, current loc, 1, 1);

9: if(error £ Errormax)

10: errorGraph(pivot loc, current loc, 1, 1);
11: end if

12: end for

13: end for

14:  end for

15: end for

16: end function
Algorithm 2: proposed method algorithm

1: function errorGraph(pivot_loc, current loc, width, height)
2: Output: (pivot_loc, current_loc, width, height)
3: left = Calculate error

(pivot_loc.south, current loc.south, width, height);
4: right = Calculate error

(pivot_loc.east, current_loc.east, width, height);
5 if(widthxheight > Sizemin)

6 output = (pivot_loc, current loc, width, height);
7:  endif
8

9

if(left < Errormax)
errorGraph
(pivot.south, current region.south, width, height+1);
10: end if
11:  if(right < Errormax)
12:  errorGraph
(pivot.east, current region.east, width+1, height);
13: endif

14: end function
Algorithm 3: error graph algorithm
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