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2.3 RHadoop
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R Language

library(rhdfs)

hdfs.init()

library(rmr2)

makeword = function(length, size){

words = NULL

for(i in 1:length){

words = paste(words,floor(runif(size)*10),sep = "")
}

for(i in 1:(9-length)){

words = paste(words,1,sep="")

}

return(words)

}

mapper = function(key, val){ keyval(val,1) }
reducer = function(key, val){ keyval(key,sum(val)) }
wordsize = 1000

timeresults = ¢(1,2,3,4,5,6,7,8)

for(i in 1:5){

wordsize = wordsize*10

seconds = NULL

for(j in 1:8){
fileConn<—file("/home/rhadoop/paper/words.txt")
writeLines(makeword(j,wordsize), fileConn)
close(fileConn)
hdfs.put("/home/rhadoop/paper/words.txt","/user/rh
adoop/input/words.txt")

time = proc.time()

results = mapreduce("input/words.txt",
input.format="text", map=mapper, reduce=reducer)
time = proc.time() - time

seconds = c(seconds,time[3])

}

timeresults = data.frame(timeresults,seconds)
write.table(timeresults,"/home/rhadoop/paper/result.
txt")

}
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