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[, Introduction II. Preliminaries
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2. Experimental environment
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Fig. 1. Three different experimental environments

23 7] 19} o] VMWare 7Pl 3rfle] tmEeir 2=
& ARER A SA(RBA), VMWare 7Hdshe T el
=S AR S(REB), VMWare2 7Pdshe el temoj
thE ZEAI glo] oPdA] AA ofEeiAleo it ek #4(@
0) & ZF 7P 3o wlal Asialt. ol ARl T
SJste] $4A, 3B, SHCE TSI

[, Experiment and result
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Fig. 2. Data processing time and processing rate of
increase in each environment
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|V, Conclusions
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