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Layer—wise Feature Extraction Capacity using Pre—trained CNN
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HZ AAQlA]  HoloAd= Convolutional Neural
Network (CNN)o] F549kal gtk CNNe| 54 = skt
£ QJeolnAz FE 59 33 e 2wt
th= Aolth. deAd2 AAIIA WHelx= hand-
written feature extractor® ARESFA|9F CNNS 2227}
s FEIIT

CNN2 Z2 g% dloJejE Hag 3% People
reid dole] Ao 8% dlolel= 1e) @A) gkt o] =
oA fEle FFAIF CNNe| B = 580 tE
& tEiM= Bt deA AFskarh AARIA
HoJB = pre-train®l CNNg ARgste] SHHEE F=
oz, Be s glo] SAuEe zlg Alesel
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Classification and localization H3-o|x] £& AJ5-L
et w27k AREEE VGG-S Y2l VGG Yo M &
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People re-idollA]  -$-2]= ImageNet H|o[E] Mo 2 A}
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VGG-s Y& APIeHERE HloJE Al ImageNeto]th,
o|Z & AARFE flgh dlole Aoz 100070 Sl
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1. 4% B
ER AUC
SDALF 447 0.86
ELF 83.2 0.74
Ours FC7 (with half data) 79.9 0.75
Ours POOL5 264.5 0.59
Ours FC6 163.1 0.74
Ours FC7 147.7 0.77
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