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ABSTRACT

In this paper, we propose a method for detecting pedestrian, problem-solving situations that
occur in a cross. When a pedestrian crossing and other, there occurs a problem of detecting the
other pedestrians for detecting a specific pedestrian in the image. The proposed method for solving
the problem is as follows. First, select a specific pedestrian detected by bounding box, and extracts
the area as a template. Detecting a pedestrian from the image using the HOG, and designated as a
candidate region. The final choice of the pedestrian detected by comparison with a candidate
pedestrian with the specific pedestrian extracted for template. In comparison, using the Template
matching, Histogram comparison and LBP.
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True False
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