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ABSTRACT

Using the CNN(Convolutinal Neural Network), Deep Learning for variety of fields are being developed and
these are showing significantly high level of performance at image recognition field. In this paper, we show the
test accuracy which is learned by large-scale training data, over 5,000,000 of Korean characters. The
architecture of CNN used in this paper is KCR(Korean Character Recognition)-AlexNet newly created based on
AlexNet. KCR-AlexNet finally showed over 98% of test accuracy. The experimental data used in this paper is
large-scale Korean character database PHDO8 which has 2,187 samples for each Korean character and there
are 2,350 Korean characters that makes total 5,139,450 sample data. Through this study, we show the
excellence of architecture of KCR-AlexNet for learning PHDOS.
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