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HE 9 F337] Yste] HSV* Histogram Matching &
FALE 54 2 AA Y] ALY & Rst] mE
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<¥E S|AEJW d|m ghHof| wWE Matching rate Zzp>

rank Compare Histogram
=20 Correlation Chi Square Intersection Bhattacharyya EMD
Matching
84.8 % 75.2 % 52 % 92.8 % 72 %
Rate (%)

RGB &7+l A9l MCSHR(Major Color Spectrum Histogram Representation) &al#] S+

MCSHR algorithm
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compensation
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* HSV stands for hue, saturation, and value, and is also often called HSB (B for brightness).
** Major Color Spectrum Histogram Representation

*x*xx Madden, Christopher, Eric Dahai Cheng, and Massimo Piccardi. "Tracking people across

disjoint camera views by an illumination-tolerant appearance representation." Machine Vision
and Applications 18.3-4 (2007): 233-247.
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YeLu,Ze-Nian Li (2008) Automatic object extraction and reconstruction in active video,
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