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FrameNet[9] & 2003 I Charles J. Fillmore <
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Deceptive
MTurk

Truthful
Expert

400 140 400

A A
hYA

g AS 17131 3641 19153
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(Normalized Frame Frequency, NFF)A|3%E At}
NFF = thaat ol Aojdnt. w8l D, =<l
S 2 C={truth, deceptive}ell thsle] Z A
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fq = frame occurrencein D; where f, € F, i€C
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2. 54 =99 fpol tig NFF =
)
NFE, fm—fq/ka,Jec
o ol AuHEY. HFHOL T 2§l T 2

glele] NFF ke =22 olgle] Aoz F3hy),

ANFF =% A z-test ¥&F HAAE B3 F
e ngate] A4S w3 A3, F LuelA
NFFFel7F Q155 gelakalnt (p-value < 0.01)

{1 http://nlp.stanford.edu/software/tokenizer.shtml
% https://opennlp.apache.org
3 http://www.ark.cs.cmu.edu/SEMAFOR/
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Deceptive Truthful

Features Acc Prec Rec F1 Prec Rec F1

Unisvm 0884 0870 0903 0886 0899 0865 0882

Ott'11

Bi+_svm 0.896 0.891 0902 0897 0901 0.890 0896

Uni_svm 0870 0868 0873 0870 0872 0868 0870

Qur Impl.

Bi+_svm 0.876 0.873 0.880 0.877 0.879 0.873 0876

w7 29 Asd 2 =EdA ATd

shepulE] R AR Aol
2ol =Rl A urEl A3
& ogglon, AGY 2R 29

o [3]e] W&

offt o my, &

Deceptive Truthful

SVM Features Acc Prec Rec F1 Prec Rec F1

BOW_full 0870 0.868 0873 0.870 0872 0.868 0.870

Tucker
Vs Frame5+BOW_full
Truthful

0.875 0859 0.898 0.878 0.893 0853 0.872

Frame5+BOW_250 0.875 02864 0.890 0877 0887 0860 0.873

Expert 0916 0.857 0814 0835 0936 0.953 0.944
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BOW._full

Frame12+BOW_full 0.920 0.859 0.829 0.844 0.941 0.953 0.947
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