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I, Legislation Case of Marital Property Regime
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The meeting summarization model

wA] ofe] Al Al 23k Blelse] SAS el Bjel=e]
7} 01315 Zke] 5A] Y (Co-occurrence) KIS o]83}e] 3lo}=
£ (segmentation) P FHALE theoR 7 FdE F
(block) 912 T wo] Hghe s, Ade T ol 3t
4 o] =S AIBle] fibdol w2 8 o= 7t 2t

A F & WAL efEle] HEHoR 3loEs g0kt
1. 3|olE 28 (segmentation)

3]0]Z 58} (segmentation) Zg2] Hxje] BAR EAfel Bg-
o] (stopwords)E A}l Porter’s stemming algorithm[5]S- 28
&Ic}. $3F (segmentation)2] E42 7 £3H8 ] (block)o] <Jv]
Sl B9l ol Al 2 Bkl o 5 T glol
A5l 5= (window size)2)
tokeng 7} sequenceZ 3R} block &= 7H3Ii{6]. [ 2]9}
o] blockl, block2= UAEH step size kol| 3|33sl= tokend]
Tl 23102 o)A tokend AHAIEIAL TRS- tokend 18P
A olF] FAREE vEo 2 7} token AA (i, i+1, i+2, i+3, ..)ol
ek HE Al #E2 02 threshold bottom ©J3}= 7}
ol token AxIE FRFO R Sjo] n]2] o) neighbors 7+
Qroll o] 22 FARE 47t FolE token Aol Jithd, siF

A72 topic boundary= Ae§3ic)

TextE token sequence= £3}sl 3,
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step size k

token sequence

B =FoA= training set-S 53 window size®} step size,
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3lojEa} 22 tig] lojolr] Al doP} viEs= 542 e}
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E-80] (stopwords)E Alefgt ¥, F8AR} HAR] et 32T
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F=3 n—gram Aol 715AE FA HY, HFHoR A
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=8 ool ] FAE et 22 B SO0 T8 £
FZ3 F9, Maximum Marginal Relevance (MMR)[7] W21
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score = A X sim, — (1*)\)><sim2 ?2)

(Zocc(gi,u) X wj)

sim, (u) = log(1+length(u)) ¥
' Vi
simy (u, V) = m @

2 @Pl oce(g;,u) =¥ uoll ZZE n—gram g, o] HI=F
olH, w, = ;P n—gram o] weight Fkolck £ Zolo) thak
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normalize 3+ 342 ARE3IC]

4. ZE Q4F MY
7 8k 99 (block)ol 53 252l 9 (block) #17]



b

0l

SI=HFE AL %]

r
ok
I
ol
10

£03| =2F M23A H235 (2015, 7)

W 22 g nefEel AEdow Holsg eok). a4
RoRzel 7Fsd Be g FHe 5 e 7t ool (ool
FE3h= okt dol= g 99 (block)o] Hole HlHsl=S
A2F5H= proposedl (block length based ratio) W=} Hghw
39 (block)E-2] 1t centroid vectorZ A3 5 centroid vectore}
3 939 (block)2] TR SAKE (cosine similarity) 257l B]=I5}
o] G (block)e] % 27 AolE §H4J3k= proposed2 (block
similarity based ratio) WS ARE3H}
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1. A oy ¥ ds "ot &

1% dlo]Eli= AMI meeting corpus[8]S A&3310H, 20712
3]o}= (ES2004, ES2014, IS1009, TS3004, TS3007)S test setos
96 7] 510152 training setO 2 AMSBISICE 7} 3)oj=alle FhE}
7} 2pdet shte] Qokio] slom it 9okie] Hok= s 3loj=
o] oF 6%o|t.

A5 F71=E 98l F 71A] baseline®} B w8}SIC). baselinel &
ok Algk o7} ¥EE wilA] 2t eAleA] 7P X e
Aeis)] Uzl= QoF B (longest sentence)©] 1, baseline2= 4]
ZAe] of3] MANIEE TRk 2 S 03] WiElE st 4
o3 wele} 7 o] FARI FAKE (cosine similarity) H5E
IO 2 MMRE AMg3te] T4 275 &3h= " (centroid
based MMR)©|tH9]. baseline22] MMR balance factor \ +
training set 2% B3l 71} Adeo] A UEhd 03202 H4H
< test set A P3|}k

Qokze] AAAR 452 ROUGE-1[10] A5=2 Zrfslalom,
F-measure= 2] (5)9} o] EE (precision)Z AFE- (recall)S
3hte] gro = FAsht ARTAIE el 7t Wi =e vt
7} 2det 9okt AR Felste] Azt Aol digh AjdE

(recall) 52 e I8kl

precision X recall

F=2x ®)

precision +recall

2, M3 o Zn

2t slelgol] 37k57le] ek 9] Olock) BRI, 2t
g9 (block)ell el F-a tho] Hge F30742 F= s3ick
7} ek 4 (block)ol F58 = Sl T8 e ol
proposed1 ¥} proposed2 WHE #g3te] F 7FA] Rl gt
S 21} 248192, proposedl, proposed2 F5F training
set Adolr] 714 £& A58 H2l 0.12 MMR balance factor
AE A7k
2.1 0k HIg(%)ol| mE Ho}

¥1A) 8ok UGS 3069% TR 1% T7RE RokrS )
a1 1 2 BAEsleon, 4edl 7lE sl 807 (stopwords)=

7l Aeletoict. (19 31 e}t aokew} vlwst ROUGE-1
F-measure 37} ZA3}olt}. baseline WEE0l 1|3l proposed]1 =}
proposed2 ¥R ARSSE Qokto] QoF g A FRIolA Aol
A eSS & 7 Itk B3 90k vlge]] “deiglo] proposed29]
QoF A} YHF o2 proposedle] HJF] & A% W)
o5 B3 & 4 (block)e] Holel vlEEiA o £ 5=

Tawd ueh G (block)d F2& 4 Hols sk Ao

o} gles o 4 gl

s haseline 1 #=baseline? e=gemproposedl ess==proposed?
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ROUGE-1
F-score

3% 4% 5% 6% % 8% 9%

o HIE

Performance variation with summary ratio

22 M= FH[ ot 2ot
AR} 23 Qokrs FAlEE Sy Relsiglend, (13
41= Z+ FA ) gk Recall (AE8) &4 Aok

= haselinel #=haseline? e=af=proposed] —ess==proposed2

0.3
0.28
0.26
0.24
0.22

Recall 0.2
0.18
0.16
014 i
012
01

TH'E index

Recall result of each subject

[ 4]¢lM proposed1 =} proposed2 WS AME3E Qo]
baseline WHE Ko} 7t FAMEE A oM 12 Fsg Holr,
‘Fao] = VPSS ER18 = SJrk baseline HRE] Ao
2 3]oj5o] A3 wpAe} Ko FAE 2 wiefehr] Sshe whdHol,
proposed1 ¥} proposed2+= Z} FAEE. #3F (segmentation)S ©]-§-
3 3joj5-5 qoRRto @M, AR FAIE 2 whadste] goksite
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IV, Conclusion
B =oE 5oSe] EAS vlefslo] of3E 71| A A
(co-occurrence) CIR=X) 5}

Hleel 23 %E—% HEoz 3
(segmentation)2- o]-83l Q2 1 2

1ol W 7} 2 AR 324
baseline HHE9]| 1|3] 5-;_0_ 958 Holon B)o|=o] AL F=4

3 552 seehed] &

Aol 1ok, aoze) el o ekl 4 (block) =
229 5 Qe T2 23] dolE Al A Fag TAlol

(—71%7: A

A 7} 9 (block)olt] FEShe #ge] ol Sk
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