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Table 1. Analysis of GLCM algorithm in the prostate transition zone *p <00
Min Max Mean SD
Parameter
NS BPH NS BPH NS BPH NS BPH
Autocorrelation 10.615 4.315* 25.800 11.275* 16.369 8.180* 3.122 1.635*
Contrast 0.148 0.162 0.247 0.283 0.1190 0.214 0.022 0.028
CPROM 0.100 6.143* 10.700 38.300* 3421 17.574* 1.949 7.585*
Entropy 1.059 1.484* 1.604 2.106* 1.329 1.767* 0.138 0.134*
Maxp 0.383 0.266 0.701 0.532 0.542 0.382 0.088 0.058
Sum Average 6.473 3.956* 10.121 6.602* 8.015 5.452* 0.757 0.604*

GLCM &1g]=¢] gzhu]E] Autocorelation, Contrast,
Cluter Prominence, Entropy, Max Probability, Sum
Average®] Z87343} HyAdn|thel] thet AAZEE (Tabl 1]
of VRt ZH2t siEtrlee] Hagk, Huigk, B+,
FEUAE YeEpiRlaL SARY 23 ol < 0.05
o]&}k= Autocorrelation, Cluster Prominence, Entropy,
Sum Average ITEH|H oA BAIZo R FoJdt AyE
YERSITE.  Autocorrelation  Thfn[E ol B A2
A2 605l gk v 605E 5 AR <l
2k e so7fe] el e m R QIAE 94%= e
W}, Contrast Fetu[g oA B2 A2 605 el
gk B2 605 & AHARHHR Q1218 22 87
Forz  oAlge 13%=E YERJTE  Cluster
Prominence FEpu[E oA WHI22 c0Z5eol thet H]
A% 0058 T AEANHE QI2lsh gL ssiSle
2 IA4E2 92%= UERIT Entropy fefn|E oA
Hel2l2 A 6ozl sk v coFl & Al
Ht 2 Q12sh @2 557le] Pdelglenz Aee
92%2 UEPSTE Max Probability of2pn|e]ollx B¢l
212 A 6ozl gk B 05l T 4RI
2 A2gE P2 337l9] ol E AAER 55%
2 Rl Sum Average dhEjr|E] oA BIRQIAE A
A 60Zdlol et B 0= F APAHEGR 212
& e so7He] el oz Q182 98N L
Wit

ol g5}

ve W el
H,

of AYN WA AF 35 pHoE Dl B3 A7}
Aol gt Py olgrlvle) Wk g B
L] Sldrt AV el wel Agdlel 27] 24

EERELEXE R
= JFsskl Helch ARauEeld Agae]
Z2 AR Tz0] Fo] Ueloln], ZHsHL

2 AAE(gandular component)@}  7]&AAE(stromal

1

component)©| ThFet Hl&2 F2AS Lot HdgA

T79] ZAlo] MG Azke Aol AT B A A,
Al 9ol GujEe Atz BAT 4 A

GLCM ¥|2}H]8] = Autocorrelation, Cluster Prominenoe,
Entropy, Sum Average©l|4] 92-98%=2 & &S Y
ERAICE. weba AYA TZe] S218 23S EAEe
2 AT vdzze SHS ALslE JERa,
GLCMe] 9 54 HHE o]§5o A e Hu
o} s P xlcke] BxA ko2 ARSIt £ A
TFolAE A uthEe] Tz Qo] AFE EAH &
TEEE HEste] PP HAS Amshga Auel
WU Anols 48 = e /ARt 2 oleka
AR, el R Aol W T, MRIE:
% ozt Zasledyel thap Aol AREIkIE
o) /5ala % o H=she AxelIHs e
dzlgol g b A7k Basltn 2o sl
Ae] thoygt Shamelze ol ool A8 oy 4
g ARl w3l @ ACE AR

[

13

(1] 27=r, a3, A1, A78E, Aed, J4|, 5T
Ed3dolM TIAS o83t 1H783te] Azl
&, F=ER=E=EA], Vol 12, No. 4,
Pp.358-366, 2012,

Nitish Zulpe and Vrushsen Pawar, “‘GLCM Textural
Features for Brain Tumor Classfication”, International

(2]

J of Computer Science Issues, Vol. 9, No. 3, 2012,
3] S. Poonguzhali and G, Ravindran, “Automatic
Classification of Focal Lesions in Ultrasound Liver
Image Using Combined Texture Features”, Information
Technology Journal, Vol. 7, No. 1, pp.205-209, 2008.
[ 98, 7%, 7, “2ewt BEAN dolna W

dhe olgdt AuA AF 237, AATR, Vol. 3,

No. 43, pp.158-168, 2006,





